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What are we talking here really?

As of 2011, the global size of By 2014, it's anticipated
It's estimated that data in healthcare was there will be
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What are we talking here really?
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Data & Information £ Knowledge

58% 41% 62%
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DATA TO KNOWLEDGE IS PROCESS LARGE UNSTRUCTURED, NON-
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Pillars of Expoaéntial Dat
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Innovative data models could be game changer

Traditional, relational model Entity centric model
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In summary we are still dealing with...

Lessons Learned?

Ease-of-Use Regulation

@ Feasibility

Clinical Benefit £ i bt i

Objective
Measurements

Value > Burden
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